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Introduction

In the aftermath of the financial crisis of 2007 to 2008, the three major credit rating agencies — Fitch, 
Moody’s, and Standard & Poor’s (S&P) — have increasingly become a target of regulatory investigation, 
legislative reform, and civil litigation over their ratings of complex structured finance securities.1  The Dodd-
Frank Wall Street Reform and Consumer Protection Act of 2010 called for tighter regulation and enhanced 
disclosure, and proposed to hold the rating agencies liable for their erroneous ratings.2 Several congressional 
investigations have concluded that the rating agencies played a significant role in the financial crisis.3 
Not surprisingly, the credit rating agencies have been sued by their own shareholders, individual and 
institutional investors in structured finance securities, state attorneys general, and potentially the U.S. 
Securities and Exchange Commission.4 The core allegation in these lawsuits is that fraudulently inflated 
ratings on structured finance products falsely conveyed that these investments were just as safe as securities 
with the same rating, concealing the risk that these investments could default. 

Rating agencies have historically relied on the First Amendment rights to freedom of speech to protect 
themselves against civil liability for their ratings on corporate finance securities. Unlike ratings on corporate 
bonds, however, the ratings on structured finance securities were primarily disseminated to small groups of 
investors privately. Consequently, several courts in the last two and half years have ruled that these ratings 
did not constitute a matter of public concern, and the First Amendment defense is thus inapplicable.5 These 
decisions have dealt a major blow to the rating agencies, since the majority of the most complex structured 
finance products have been issued in private placements.
 
Investors, nonetheless, face formidable hurdles in order to prove the rating agencies’ liability. To prevail 
in the courts, investors need to show, at a minimum, that the rating agencies knowingly issued misleading 
ratings, that investors reasonably relied on these ratings, and that the misleading ratings contributed to the 
litigating investors’ losses. Undoubtedly, proving all of these arguments will require detailed analyses of the 
case-specific facts of the securities, the ratings assigned, and the investors involved. Economic studies of 
the rating agencies’ actions and incentives, as well as investor behavior, will also be highly relevant. 

This paper surveys the recent economic research germane to the legal issues in investor litigation over 
structured finance products. The results and methodologies adopted in these studies could also shed light 
on other types of litigations, such as investor suits against financial advisors and investment banks.
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Section 1 STRUCTURED FINANCE PRODUCTS AND THEIR RATINGS

Credit ratings are independent assessments of the creditworthiness of debt securities and their issuers. The 
AAA rating is considered the safest credit rating; ratings between AAA (or Aaa according to the Moody’s 
scale) and BBB (Baa in Moody’s scale) are called investment grade, and ratings below BBB are termed non-
investment grade or “junk” grade.

Economics of Structured Finance Products

The same ratings scale applies to structured finance products, which are derivatives created from underlying 
assets such as mortgages, bank loans, and credit card debt. Any asset can form the basis for a structured 
finance security, the largest sector currently being backed by residential mortgages; these are known as 
residential mortgage-backed securities (RMBS). Structured finance products are created via a two-step 
procedure involving pooling and tranching. In the first step (pooling), a large collection of credit-sensitive 
assets is assembled in a portfolio, which is typically referred to as a special purpose vehicle. In the second step 
(tranching), structured finance vehicles issue a capital structure of prioritized claims, known as “tranches,” 
against the underlying collateral pool. The tranches are prioritized by how they absorb losses from the 
underlying portfolio. Senior tranches only absorb losses after the junior claims have been exhausted, which 
allows senior tranches to obtain credit ratings in excess of the average rating for the collateral pool as a 
whole. The degree of protection offered by the junior claims, or overcollateralization, thus plays a crucial 
role in determining the credit rating for a more senior tranche. 

Economists argue that such a pooling and tranching process can increase the total value of the underlying 
assets.6 Intuitively, the pooling process, in diversifying away the asset-specific risks of the underlying 
collateral, yields diversification benefits to investors at a lower cost than that faced by investors in individual 
assets. Diversification benefits are maximized when the number of assets is large and their returns are 
not perfectly correlated. The tranching process, on the other hand, creates some securities that are safer 
and some that are riskier than the average asset in the collateral pool. Tranching thus caters to investors 
with different risk preferences. In addition, since issuers of structured finance products often have an 
informational advantage over the average investor, the total sales proceeds for the underlying assets can 
be maximized by carving out a large tranche of almost riskless assets, and creating a small portion of risky 
assets for the most adventurous information seekers. This results in a lower overall discount demanded by 
investors to compensate them for information asymmetry. 

The process of pooling and tranching may, however, create top-rated securities that are loaded with default 
risk concentrated in the worst economic states. This is particularly true for structured finance securities 
created via repeated pooling and tranching, where the additional diversification benefit is limited or 
nonexistent, but the exposure to systematic risks (collapse in housing prices, high unemployment rate, 
recession, etc.) is high and concentrated. Since credit ratings only reflect expected payoffs instead of 
correlation with systematic risk, it is possible that structured and corporate securities with the same credit 
rating can command different yields or rate of returns.7 (See Section 3). 

One common feature of the securitization process is the creation of a large amount of AAA-rated securities 
from lower quality collateral (“ratings arbitrage”).8 This feature of securitization drove the rapid expansion 
of structured finance issuance in the years leading up to the credit crisis. On the supply side, there were 
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significant economic incentives for issuers to maximize ratings arbitrage. This is because the higher the 
degree of ratings arbitrage, the higher the spread between returns earned on the collateral asset pool 
(increased due to lower average collateral ratings), and the weighted average cost of placing securities with 
investors (lowered due to the large proportion of top rated tranches issued). Ratings arbitrage continued 
to flourish until the 2007-2008 financial crisis, when investors realized that the apparent spread in returns 
between collateral assets and tranches issued against the collateral was due to mispricing of AAA-rated 
tranches, and the mistaken belief that the collateral assets were diversified. Subsequently, AAA-rated 
investments were massively downgraded and are thus the subject of several investor litigations.

Ratings Process for Structured Finance Products

In contrast to the more qualitative judgments about credit risk applied to corporate issuers, credit agencies 
rely primarily on statistical models in rating structured finance instruments.9 During the standard ratings 
process for a structured finance product, the underwriter initially provides detailed collateral information 
to the ratings committee for formal assessment. Because several tranches are issued against the same pool 
of underlying collateral, rating agencies first determine the distribution of expected losses on the collateral 
asset portfolio, and then model the cash flows to the tranched securities issued against the pool. Default 
for a particular tranche occurs when cash inflows cannot cover its payments on time. Rating agencies also 
subject their modeling of cash flows to various stress tests. In addition to statistical modeling, legal analysts 
usually conduct a qualitative analysis examining the structure’s legal documentation and adjusting ratings 
for any risks associated with specific features of the product. In the end, the published rating assigned 
to any given tranche is set by a ratings committee, which considers both the qualitative and quantitative 
analyses. As a result, the published rating can differ from the modeled rating.10 

In rating structured finance products, the agencies not only provide credit assessments of the underlying 
collateral pool, but they also take an active role in the design of the transaction structure. In particular, 
they may suggest or require alterations to the composition of the underlying collateral, sizes of tranches at 
the desired ratings, and necessary credit enhancements. Moreover, the methodologies and models used by 
the rating agencies are typically published on their websites. Critics of the rating agencies argue that the 
intimate role played by the agencies during the structuring process has given rise to heightened concerns 
about potential conflicts of interest.

Figure 1 illustrates the standard ratings process for a collateralized debt obligation (CDO), a type of structured 
finance instrument collateralized by debt obligations, including bonds, loans, and other mortgage-backed 
securities (MBS). Based on their models, the rating agencies run a large number of simulations to generate 
a probability distribution of losses on the underlying collateral pool. Three parameter estimates drive these 
simulations for CDO assets and credit ratings of the tranches: collateral default probabilities, recovery rates, 
and default correlations.11 The lower the default correlation across the collateral pool, for example, the less 
probable it is that all collateral assets will default simultaneously, and therefore the greater the size of the 
most senior, or AAA-rated, tranche that can be issued against these assets. Conversely, as collateral defaults 
become more correlated, the underlying portfolio can support less of the AAA tranche. (See the Appendix 
for an illustration of this point.) 
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Figure 1   An Overview of the Structured Finance Ratings Process for CDOs
 
  
  

Comparability of Ratings

The rating agencies maintain that credit ratings are intended to be comparable across different categories 
of fixed income instruments. For instance, Moody’s claims “[t]he comparability of these opinions holds 
regardless of the country of the issuer, its [sic] industry, asset class, or type of fixed-income debt.”13 These 
claims of comparability of ratings across corporate finance and structured finance products have provided 
access to a large pool of potential buyers for what otherwise would be perceived as very complex and disparate 
derivative securities.

In reality, however, over the past 25 years or so, structured finance instruments with a given investment 
grade rating have proven to be far inferior in terms of credit quality than corporate finance securities with 
the same rating. Table 1 reports the actual differences in average frequencies of downgrades between 
structured finance products and corporate bonds from 1984 to 2009.

Table 1   Probability of Downgrade in One Year: 1984-2009

Structure of the  
Securitization  
(Waterfalls) 

+  
Market Conditions  

(Scenario tests) 
 

COMPUTER 
MODELS 

INPUT AND 
ASSUMPTIONS 

RATINGS 
COMMITTEE OUTPUT 

Qualitative  
Adjustment 

Default Probability 

Recovery Rate 

Default Correlation 

Ratings 

Source: Adapted from Arturo Cifuentes’ testimony to the U.S. Senate, April 23, 2010.12

Table 1: Probability of Downgrade in 1 Year: 1984 - 2009

Initial Rating Downgrade To
Structured Finance 

Securities
Corporate Finance 

Securities

AAA A or below 6.38% 0.37%
AAA BB or below 3.98% 0.04%

AA BBB or below 12.41% 0.50%
AA BB or below 10.07% 0.11%

Source: Adapted from Tung and Weill, “Structured Finance Rating Transitions: 1983-2009,” Moody’s Investors Service  (March 2010): Figure 11. Moody’s 
ratings are converted to the S&P ratings scale in the table above.14
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During this time period, a AAA-rated structured finance security had a 6.38 percent probability of being 
downgraded to an A-rating or below in one year, and a 3.98 percent probability of being downgraded to a junk 
rating. By contrast, the corresponding probabilities of a AAA-rated corporate bond being downgraded to A or 
below and junk were only 0.37 percent and 0.04 percent respectively, substantially lower. These differences 
can be observed for lower rated securities as well. It is worth noting that these striking discrepancies 
in downgrade probabilities appear to be driven mostly by the crisis period between 2007 and 2009; the 
corresponding 12-month probabilities of downgrade were far more comparable on average between 1984 and 
2007 for structured finance and corporate finance securities.15 

A recent paper by Cornaggia, Cornaggia, and Hund (2012)16 provides further evidence that differences exist 
across asset classes, both in credit ratings and in the distributions of their changes over time. Among other 
things, they show that, relative to standard corporate bonds, municipal and sovereign bonds have been rated 
more harshly over the 30-year sample period, and structured instruments have been rated more generously. 
They find a similar trend within the class of structured finance products themselves. For example, tranches 
of CDOs and RMBS instruments are found to have been rated most generously at issuance, while tranches 
issued against public finance collaterals were rated the least generously (Table 2).

Table 2   Default Percentages by Asset Class and Initial Credit Rating (1980-2010)

Cornaggia, Cornaggia, and Hund (2012) also document that the rating agencies’ revenues generated from 
structured finance products were significantly higher than those generated by issuances of corporate bonds 
during the years leading up to the crisis, which were in turn higher than revenues derived from sovereign 
issuers and municipalities (see Figure 2). This ranking is consistent with the ranking of ratings inflation 
displayed in Table 2. Structured finance business was more attractive to the rating agencies during these 
years for two reasons: there was dramatic growth in the volume of rated structured finance issuance between 
the early 2000s and 2006,17 and the agencies earned higher fees for rating structured finance products than 
corporate bonds, controlling for issue size.18

Initial Rating Corporate Municipal Sovereign Structured ABS CDO CMBS PF RMBS

AAA 0.16% 0.05% 0.00% 3.64% 2.02% 20.52% 0.12% 0.00% 3.75%

AA 0.34% 0.00% 0.00% 20.21% 28.71% 26.76% 0.34% 0.00% 33.38%

A 0.51% 0.00% 0.00% 26.97% 29.02% 31.26% 2.70% 0.00% 44.76%

Table 2: Default Percentages by Asset Class and Initial Credit Rating (1980 - 2010)

Structured decomposed by deal type

Source: Abridged version of Cornaggia, Cornaggia, and Hund (2012), Table III, provided with authors’ approval. Moody’s ratings have been converted to 
the S&P ratings scale.
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Figure 2   Moody’s Revenues by Asset Class Through Time

Section 2 CONFLICTS OF INTEREST

A key question in litigation against the rating agencies is whether they knew, or should have known, that 
they assigned inflated ratings to structured finance products prior to the credit crisis. Ratings inflation can 
be caused by several non-mutually exclusive factors: conflicts of interest generated by the rating agencies’ 
“issuer-pay” business model, errors made in ratings assumptions and processes, and/or mistaken belief 
by investors in the safety of AAA-rated securities. Plaintiffs in recent litigations have stressed the role of 
conflicts of interest in producing ratings inflation for structured finance securities. They have cited several 
internal documents and confidential testimony by former rating agency employees as evidence. The positive 
correlation between the degree of ratings inflation and the rating agencies’ revenue generation by asset 
class provides further fodder for such allegations. 

Inflated Ratings Due to Conflicts of Interest

The market was aware of the potential for conflicts of interest well before the onset of the financial crisis. The 
existence of conflicts of interest alone is thus not sufficient to establish that the rating agencies knowingly 
inflated credit ratings, or that they should have known that ratings were inflated. The more relevant question 
is whether these potential conflicts of interest increased in strength during the years leading up to the credit 
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crisis. Whether or not the incentives inherent in the rating agencies’ business model have caused a ratings bias 
can be tested empirically by examining the agencies’ actions (namely, the actual ratings they have assigned 
to structured finance instruments as well as their modeling procedures). We present below some recent em-
pirical tests of the hypothesis that the rating agencies’ conflicts of interest contributed to inflated ratings.

Did the Boom Years Lead to Ratings Inflation?

Under the “issuer-pay” business model, rating agencies are paid by issuers of securities rather than by 
investors. Therefore, given that issuers have an incentive to obtain the highest ratings for their products, 
rating agencies face pressure to inflate ratings in order to gain client business. This pressure may be countered 
by the rating agencies’ desire to maintain a good reputation and to maintain their ratings business in the 
long run. However, in high-volume periods of structured finance issuance, one would expect the potential 
for increased revenues in the short run to outweigh long-term reputational concerns. Further, to the extent 
that information is less accessible and the models more complex for structured finance products, it may take 
longer for investors in these instruments to realize ratings errors. Thus, one testable hypothesis is that the 
rating agencies inflated assigned ratings during boom times for structured finance issuance.19 

This theory matches the pattern of MBS downgrades that were issued between 2005 and 2007. For example, 
Ashcraft, Goldsmith-Pinkham, and Vickery (2010)20 analyze ratings of subprime and Alt-A MBS issued 
between 2001 and 2007. They find that, after controlling for a number of mortgage risks such as loan-level 
characteristics (loan-to-value ratios, credit scores, etc.) and deal-level characteristics (presence of bond 
insurance, geographic concentration, etc.), MBS issuances between early 2005 and mid-2007 contained 
larger AAA-rated tranches than in other years. Ashcraft et al hence conclude that their findings are consistent 
with the theoretical prediction that the benefits of a fee-based revenue model and high rates of security 
issuance could swamp the reputational costs of erroneous ratings. 

Did the Rating Agencies Favor Large Issuers?

As some complaints have alleged, the rating agencies’ compensation depends on the achievement of 
desired ratings. In corporate finance, thousands of distinct issuers provide the demand for investment 
and commercial banking services, so losing any one of them would not cause serious harm to the agencies’ 
profits. In structured finance, however, securities issuance is dominated by a small number of large issuers. 
These issuers may have substantial bargaining power over the rating agencies, since they can bring business 
and pay handsome fees, but can also take away business.

Therefore, another testable hypothesis is whether conflicts of interest are likely to be more prevalent in 
assigning favorable ratings to large structured finance issuers during boom times. He, Qian, and Strahan 
(2012)21 have conducted research on credit ratings assigned to thousands of MBS issued privately between 
2000 and 2006, and they find evidence that the rating agencies indeed favored large MBS issuers prior to the 
financial crisis. They sort their database into a large-issuer (defined as any issuer in the top 10 percent of the 
market share distribution across issuers in a given year) and a small-issuer (all others) subsample. They then 
compare the subsequent price performance of tranches sold by each of these two issuer groups. Their basic 
findings are summarized in Figure 3. 
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Figure 3   Monthly Price Changes of Privately-Sold MBS: Large v. Small Issuers

The price drops for MBS issued from 2000 to 2003 during the financial crisis were fairly comparable between 
large and small issuers (left graph). On the other hand, for MBS issued during the peak years of 2004 to 2006 
(right graph), tranches sold by large issuers performed significantly worse on average than tranches sold by 
small issuers. The authors find that the same trend holds after controlling for other factors such as collateral 
and issuer characteristics, deal structure variables, initial security ratings, and yield spreads at issuance. In 
particular, they find that increasing the market share of an issuer by 10 percent yields a 10 percent increase 
in the subsequent price drop for AAA-rated bonds issued during boom years, and an 11 percent increase for 
lower-rated tranches. These results are consistent with the hypothesis that conflicts of interest affected 
rating agencies’ practices, especially during periods of high-volume issuance.

Were Credit Ratings on CDOs Inflated?

In an effort to provide transparency, the rating agencies publish their ratings methodologies for structured 
finance products. As described earlier, structured finance ratings have both a quantitative and qualitative 
component. The quantitative component can be verified, or at least replicated, by independent researchers. 
If the rating agencies are unbiased in their quantitative modeling, the difference between the published and 
the replicated ratings should be explained by qualitative factors. 

This question has been explored in a recent study. Griffin and Tang (2012)22 have obtained a database of 916 
CDOs originally issued between 1997 and 2007. This database contains comprehensive information used in 
the ratings process (including collateral asset information and default probability estimates) from one of 
the three major credit rating agencies. The authors compare the actual ratings of CDOs in their database 
with ratings derived from the credit rating agency’s own risk model. They then define the AAA “adjustment” 
as the difference between the actual and model-implied proportion of a CDO rated AAA. They find that the 
actual size of the AAA tranche in each deal is on average more than 12 percent larger than the corresponding 
model-implied size. 

Several factors such as the quality or experience of the collateral manager, structure of the cash-flow 
waterfall, and credit enhancements such as third-party insurance could explain these differences in the size 
of AAA-rated CDO tranches. However, the authors find that these factors explain only a small proportion of 

Source: He, Qian, and Strahan (2012), Figures 2(a) and 2(b). Reproduced with permission from the authors.
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the cross-sectional variation in AAA adjustments. Instead, over half of the variation in AAA size adjustments 
can be explained by, and is negatively related to, the AAA proportions assigned by the quantitative model. 
In other words, the lower the model-assigned size of AAA tranches, the higher the subsequent upward AAA 
adjustment. Furthermore, the amount of adjustment at the time of CDO issuance is found to be positively relat-
ed to future downgrades through December 31, 2008. Thus, this evidence is consistent with the hypothesis 
that the rating agencies inflated the percentage of AAA ratings assigned to CDOs during this time period.23

Alternative Reasons for Inflated Ratings

Many commentators and investigators blame the rating agencies’ “issuer-pay” business model for creating 
conflicts of interest. However, while this hypothesis can explain the inflated ratings prior to the financial crisis 
and massive downgrades once the housing bubble started to burst in 2007, this may not be the whole story.

An alternative explanation for the ratings inflation and subsequent collapse of the structured finance 
market is that rating agencies unintentionally used models and inputs that were erroneous or systematically 
biased. Since subprime lending is a relatively recent phenomenon and U.S. housing prices were on the rise 
in the decade before the financial crisis, historical data on defaults and delinquencies in this sector of the 
mortgage market is limited. Therefore, the potential for errors in estimating model input parameters during 
the run-up to the credit crisis was substantial.24 

In addition, there is now plenty of evidence to suggest that prior to the financial crisis the rating agencies 
relied on assumptions about continuing house price appreciation, probability of borrower defaults, and 
default correlation amongst underlying assets, that turned out to be unrealistically optimistic. For instance, 
as early as January 2003, industry experts expressed concerns about risk modeling for structured finance 
products, specifically complaining that default correlations, and especially exposure to macroeconomic 
shocks, were underestimated.25 In March 2007, First Pacific Advisors discovered that Fitch had used a 
structured finance ratings model that assumed constantly appreciating home prices, and did not build in 
the possibility that these prices could fall.26 In May 2008, Moody’s acknowledged that it had inadvertently 
assigned AAA ratings to billions of dollars of structured finance products due to an error in one of its models.27 
Deven Sharma, the former president of S&P, has further acknowledged that “events have demonstrated that 
the historical data we used and the assumptions we made significantly underestimated the severity of what 
has actually occurred.”28 

In corporate finance, a rating error on one firm is unlikely to be repeated in the analysis of other firms, as the 
analysis focuses on relatively qualitative judgments about the idiosyncratic risks of the individual business. 
As previously mentioned, however, credit agencies rely primarily on statistical models in rating structured 
finance instruments. These statistical models are applied to whole classes of issuances, and consequently a 
model error for any one pool of collateral assets will affect the ratings on a broad pool of securities. Moreover, 
while the sizing of senior tranches of a given CDO might be relatively insensitive to changes in underlying 
collateral assumptions, the effect of errors in estimates of model parameters is magnified when there are 
multiple rounds of structuring, or “second generation securitization.”29 An example of a second generation 
securitized product is a CDO2, which issues claims against CDO tranches. This problem snowballed during the 
financial crisis in that neither investors, regulators, nor major investment banks appeared to recognize that 
small errors in rating individual securities — errors that would have no material effect in the single-name 
corporate bond market — would be significantly magnified in the tranches of a CDO or CDO2. 
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Another theory that is consistent with ratings inflation, but which does not necessarily imply wrong-doing 
by the rating agencies, is that of “ratings shopping” by issuers. In particular, during the years leading up to 
the crisis, the desire to leverage up assets and obtain the highest credit rating possible may have led issuers 
to seek out rating agencies whose models assigned the highest ratings to their products, either intentionally 
(due to lax criteria), or unintentionally (due to modeling errors). One would expect the incentives for 
ratings shopping to be greatest for the most complex instruments, where the general opacity (or lack of 
information) surrounding the underlying assets might yield more dispersion in the assigned ratings. This 
would in turn provide more opportunity for issuers to “shop” for the most favorable rating. In this case, even 
if the agencies assigned their best, most accurate estimates of the true quality of the securities, issuer-
shopping might still lead to inflated ratings on these instruments. 

Synopses and Interpretations

While the papers summarized above mostly provide evidence consistent with the hypothesis of conflicts of 
interest, not all the findings are consistent with the alternative hypotheses of modeling errors or ratings 
shopping. For example, He, Qian and Strahan (2012) demonstrate that more favorable credit ratings were 
assigned to large issuers during boom periods. This trend is less likely to be correlated with modeling errors, 
and appears instead to be suggestive of larger issuers having relatively greater bargaining power over the 
rating agencies. 

As another example, Griffin and Tang (2011)31 compare the assumptions used in the same CDO valuation 
model across two divisions within the same rating agency. These departments are the ratings division, 
which brings in business as well as assigning initial ratings, and the surveillance division, which monitors 
CDO performance after issuance. Since the ratings division is more likely to be affected by conflicts of 
interest, the authors test whether the assumptions used by this division (for instance, estimates of default 
correlation among underlying assets) are more aggressive in generating inflated ratings than those used by 
the surveillance team. This is indeed the case. The paper further shows that these differences in assumptions 
do not appear to be explained by other factors such as changes in collateral composition or the length of time 
between the initial ratings and surveillance reports. Since both departments use the same ratings model, the 
more aggressive assumptions made by the ratings division are therefore more consistent with the conflicts of 
interest rather than modeling errors hypothesis.

Finally, two recent papers provide evidence that is inconsistent with the ratings shopping hypothesis. 
Benmelech and Dlugosz (2010),30 for example, analyze a sample of CDOs issued between 2005 and 2007, and 
find that tranches rated solely by one agency were both more likely to be downgraded and experience more 
severe downgrades by January 2008. However, the authors cannot infer that ratings shopping necessarily 
led to the ratings collapse in the structured finance market, since the majority of the tranches in their sample 
are rated by two or three agencies. Cornaggia, Cornaggia and Hund (2012) also reject the ratings shopping 
hypothesis. This is because municipals and sovereign issuers are typically more opaque and complex than 
corporations with audited financial statements, yet the authors find no evidence of ratings shopping among 
these products. They conclude that their results are thus more consistent with the conflicts of interest 
hypothesis.
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The research on this topic is only beginning to examine the full story. In general, there must be an integration 
of fact-specific discovery and systematic empirical evidence on the particular securities, their ratings, and 
the underlying collateral in order to determine which hypothesis is more consistent with the evidence in any 
given record. 

Section 3 INVESTORS’ REASONABLE RELIANCE ON RATINGS

As mentioned in the Introduction, one common element of plaintiffs’ recent arguments against the rating 
agencies is that investors in structured finance securities are usually only willing to invest in them because 
of their assigned high credit ratings. There are many reasons for such reliance on credit ratings. First, these 
investors allegedly have no other information about the credit quality of these products apart from their 
ratings. Consequently, the ratings are a critical component of the total mix of information available to 
investors and represent a substantial factor in the decision to invest (and remain invested) in structured 
finance instruments. Second, client mandates and regulatory policies can also induce investor reliance on 
ratings. For instance, most institutional investors have policies restricting their fixed-income investments 
to those that are rated investment grade and above. Third, for some institutional investors like insurance 
companies and broker-dealers, their regulatory capital determinations are dependent on credit ratings.32 

Rating agencies, on the other hand, have countered investors’ claims of reliance on their ratings by referring 
to their standard disclaimer, which reads “[T]he ratings . . . are, and must be construed solely as, statements 
of opinion and not statements of fact or recommendations to purchase, sell, or hold any securities.”33 
Similarly, past legal decisions suggest that reliance on structured finance ratings by sophisticated investors 
(who had the capacity to perform their own due diligence) was unreasonable.34 

Therefore, there are two questions related to the issue of investor reliance. One is whether investors actually 
relied on the agencies’ ratings in making their decisions to invest in the securities. This inquiry is mostly 
a factual one. According to the 2005 Bank for International Settlements (BIS) report,35 the increasing 
importance of more sophisticated mark-to-market investors (e.g., hedge funds) relative to buy-and-hold 
investors has somewhat reduced the degree of investors’ actual reliance on ratings. The second issue is 
whether investor reliance on structured finance ratings was prudent or “reasonable” in these cases. Whether 
or not investors can claim reasonable reliance on ratings in any particular case depends on the strictness of 
client mandates, availability of reasonable substitutes for ratings, the extent of any informational advantage 
of the rating agencies over a particular investor, the sophistication of the investor, and the extent of an 
investor’s internal credit analysis and other due diligence that can be performed. 

Before examining the existing evidence of reasonable reliance by investors on the ratings of structured 
finance securities, it is informative to compare the different roles of a AAA rating in assessing the risks 
of corporate bonds and complex instruments. For the latter, the opacity of the products involved implies 
that ordinary investors necessarily rely on the rating agencies as the experts in objectively assessing their 
risks. As a result, credit ratings, especially the top AAA rating, should play a much more important role in 
helping structured finance investors make decisions, as compared to the case of corporate bonds, where the 
degree of complexity is lower and independent research by investors is more feasible. The implication for 
corporate bonds is thus that their traded prices (or prices of credit default swaps written on these securities) 
should capture all information about their underlying credit quality, with negligible additional information 
revealed by their ratings. There is evidence in the academic literature to support this hypothesis.36
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The opposite trend is found to apply, however, to AAA-rated structured finance securities. For example, 
Adelino (2009)37 finds that yield spreads of the highest rated RMBS securities display no statistically 
significant predictive power for future credit performance beyond what is captured by ratings. This suggests 
that investors in AAA-rated mortgage-backed products do rely on ratings. The author infers from this 
result that investors in these top-rated instruments were perhaps less informed about the quality of the 
securitized assets at the time of investment, and performed less due diligence than investors in riskier, more 
information-sensitive securities.

It is worth noting that prior to the financial crisis, there are examples of investment grade-rated CDOs that 
were issued with returns of up to 10 percent, almost 25 percent higher than the average yield on similarly 
rated corporate bonds, for instance.38 This evidence indicates that investors did, to a certain extent, 
acknowledge and price in the additional systematic risks of top rated structured finance securities relative to 
comparably rated corporate bonds. The presence of such considerable yield spreads may weaken the investor 
reliance argument somewhat. However, there is also evidence to suggest that these observed attractive 
yields were still not sufficient to compensate structured finance investors for the entirety of their exposure 
to systematic risks.39 This can be inferred from the results of Adelino (2009) on the lack of predictive power 
of AAA-rated RMBS yields, for example. 

Overall, the empirical evidence on the informativeness of credit ratings remains inconclusive, though there 
is a plausible basis for assuming the complexity of these products makes ratings more relevant than not. The 
existing evidence highlights the importance of asset class, rating, and issuance year in determining whether 
investors can claim to have relied reasonably on ratings. Proving the reasonableness of investors’ reliance 
on ratings requires both case-specific factual investigation and broader systematic evidence on investor 
behavior and the information availability for the securities at issue. 

Conclusion

This paper presents economic evidence consistent with several key allegations against the major U.S. credit 
rating agencies. The strength of empirical evidence from the economic literature varies, but overall, there 
is evidence that supports the hypothesis that the business model of the rating agencies contains inherent 
conflicts of interest, which may have contributed to ratings inflation prior to the credit crisis. The existing 
literature also suggests that investors in top-rated structured finance tranches did not have sufficient 
information about the quality of the assets, and thus relied more on ratings than investors in riskier, lower-
rated securities. It remains a challenge, however, to distinguish the individual role of rating agencies and 
the specific impact of ratings inflation and subsequent downgrades on investor losses, given the presence of 
several confounding macroeconomic factors relating to the state of the residential mortgage market.

Based upon the evidence summarized above, we suggest that there is an opportunity to make further 
headway in exploring some of these economic arguments for and against the rating agencies, relying upon 
a combination of case-specific facts, as well as more systematic evidence on the behavior of rating agencies 
and investors in general.
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Appendix: The Creation of AAA Securities

A simple numerical example can best illustrate how higher credit quality securities can be created from 
lower quality underlying collateral assets, and demonstrates the importance of default correlation in sizing 
the AAA tranche. Consider a collateral portfolio of 100 identical $1 million assets. Each of the assets has a 
probability of default (default rate) of 10%, and if they default they lose their entire value (equivalently, 
they have a 0% recovery rate). Figure 4 plots the expected loss distribution for this portfolio under three 
different assumptions for default correlation between the underlying assets: 0, 0.05, and 0.2. 

We generate the corresponding portfolio loss rate frequency distributions using a Monte Carlo simulation 
with  10,000 simulated trials. As can be observed in Figure 4, as the default correlation of the underlying 
collateral assets increases, the frequency of both extremely low and extremely high portfolio loss rates 
increases. 

Figure 4   Expected Portfolio Loss Distributions Under Different Correlation Assumptions

Figure 4 displays the loss distribution under the pooling step of the securitization process. The tranching 
step will next determine the size of the most senior, or AAA-rated, tranche that can be issued against this 
collateral pool.  As an illustration, assume that investors in the AAA tranche would only allow a maximum 
1% probability of default. 

Figure 5 plots the cumulative probability distributions from Figure 4, under the same default correlation 
scenarios. Once again, we start with the 0 default correlation case. The point on the x-axis at the intersection 
of the black dotted line, labeled “99% cumulative probability,” with the cumulative probability curve under 0 
default correlation, is an 18% portfolio loss rate. In other words, there is a 99% probability that the portfolio 
loss rate will be less than or equal to 18%, under the assumption of 0 default correlation. Therefore, at 
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the assumed risk tolerance of 1% probability of default, the maximum size of the AAA tranche that can be 
supported is equal to 82% (100% - 18%) of the total portfolio.

If the default correlation is increased from 0 to 0.05, the maximum portfolio loss at the 99th percentile increases 
from 18% to 24%. As a result, the maximum allowable size of the AAA tranche decreases correspondingly from 
82% (100% – 18%) to 76% (100% – 24%). By the same token, when the asset default correlation increases to 
0.2, the maximum AAA tranche size is reduced further to 59%. This finding illustrates that as collateral asset 
defaults become more correlated, the most senior claims issued against these assets become less safe, and 
thus less of these claims can be supported. 

These results highlight the importance of the accurate modeling of ratings inputs such as default correlations 
and probabilities. It can be inferred from the discussion above that an understatement of the default 
correlation across underlying collateral assets could lead to a drastic understatement of the risk of the senior 
tranches issued against those assets. Both recent legal complaints and academic studies have focused on 
poor estimates of these parameters. 

Figure 5   Maximum Size of AAA Tranches Under Different Correlation Assumptions
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